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We investigate various data-driven methods to enhance projection-based model reduction techniques
with the aim of capturing bifurcating solutions. In particular, we use a three-step procedure of proper
orthogonal decomposition (POD), dynamic mode decomposition (DMD) and manifold interpolation
[7] to compute parametrized reduced order models for a cavity undergoing Hopf bifurcations with
varying Grashof number [3], [6]. The approach can be extended to solution trajectories, which are not
necessarily on the limit cycle but start from a common initial state for all trajectories correponding to
the considered parameters with the Hankel-DMD [1], [5]. Addtionally, it is possible to resolve multiple
solutions for a channel flow undergoing a pitchfork bifurcation [2] using localized model reduction and
artificial neural networks [4], [5].
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